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MLIPs workflows for modelling
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MLIP workflows for experiments: Exafs
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Software
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janus_core aiida-mlip pack-mm

github.com/stfc/janus-core github.com/stfc/aiida-mlip github.com/ddmms/pack-mm

alc-dls-exafs data-collections-api ML-PEG

github.com/stfc/alc-dls-exafs github.com/PSDI-UK/data-

collections-API

ml-peg.stfc.ac.uk
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